The paper deals with the difference in the share of opportunity-based early entrepreneurs among regions in Russia, which is an important indicator of the 'quality' of the entrepreneurial activity.
Introduction
The regional disparity of entrepreneurial activity, measured by varying rates of already existing SMEs as well as by the frequency of start-ups and business closures, is a widely recognized problem. There are various approaches in the literature based on labor market analysis (factors like unemployment and skills), firms' ecology (industrial structure of regional economy by size and branch), demography (population density/growth, human capital), and financial infrastructure (availability of financing, etc.) of characteristics which significantly influence regional variation in new firm birth rates.
Already in 1980-1990s some achievements were made when investigating different factors on the disparity of the entrepreneurial activity across regions (Fritsch and Storey 2014) . In the middle of the 1990s, it became clear that the most evident shortcomings are the usage of only cross-sectional analysis (the result of a lack of time-series data), as well as the absence of reliable indicators to measure the impact of regional policy on the intensity of entrepreneurial start-up activity.
In 2000s, certain incremental knowledge was produced with regards to some of the questions raised earlier. However, most papers were dealing with the impact of entrepreneurial activity on varying growth and prosperity in different regions (Audretsch and Keilbach, 2004; Fritsch and Mueller, 2004; Van Stel and Storey, 2004; Mueller et al., 2008) . Lee et al. (2004) explored the role of such region-specific factors as social characteristics and human capital in the entrepreneurial performance of regions. The authors argued that social diversity and creativity have a positive relationship with new firm formation. Namely, new firms' formation is positively and significantly associated with social diversity and insignificantly with creativity. Hence, it is necessary to pay attention to the 'social habitat of a region' to understand its regional entrepreneurial dynamics. However, it is still unclear whether the higher entrepreneurial activity predicts the level of human and cultural capital and economic development or is a result of them.
As Audretsch, Bonte & Keilbach (2008) discovered using data from 310 West German counties, innovation efforts have an indirect effect on economic performance via entrepreneurship. On the one hand, innovation efforts of start-ups lead to an increase in regional technical knowledge, improving the regional industry's economic performance. On the other hand, regional innovation efforts also increase entrepreneurship capital which, in turn, improves regional economic performance.
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Knowledge and, again, cultural diversity as factors of regional differences in entrepreneurial activity remain significant in the literature -for example, Audretsch, Dohse & Niebuhr (2010) investigated the determinants of entrepreneurial activity in German regions in [1998] [1999] [2000] [2001] [2002] [2003] [2004] [2005] . Their regression analysis showed that regions with a high level of knowledge provide more opportunities for entrepreneurship than other regions. Moreover, cultural diversity has a positive impact on technology oriented start-ups. Thus, regions characterized by a high level of knowledge and cultural diversity form an ideal breeding ground for technology oriented startups.
Moreover, as is pointed out by Fritsch and Storey, 'although several studies find a statistical relationship between personality traits and personal attitudes of the regional population and the level of entrepreneurship, they are unable to identify the causality of these effects. Do specific value-sets amongst the population of a region bring about relatively high or low levels of entrepreneurship or is it entrepreneurship that causes the expression of these values?' (Fritsch and Storey, 2014, p.945 ).
These person-related variables have to do with individual characteristics, also called perceptional variables (opportunity cognition, self-efficacy, fear of failure), education level and practical experience, prior employment in a small firm or self-employment experience (Zhao and Seibert, 2006; Rauch and Frese, 2007; Zhao et al., 2010; Storey and Greene, 2011; Sorgner and Fritsch, 2013; Caliendo et al., 2014) . For instance, regions with a high share of people inclined to become entrepreneurial (Obschonka et al., 2013) or employees of small firms could have higher entrepreneurial entry rates. However, such explanations are subject to endogeneity danger as individual behaviour can be affected by the regional institutions.
In any case, to deal with personal variables, a regionally representative sample of entrepreneurs is needed. Unfortunately, such data cannot be obtained either form the GEM or from the PSED as these projects are run on the basis of a nationally representative sample and are not fit to cover the region representative samples.
Moreover, longitudinal historical observations, like a study by Fritsch and Wyrwich (2013) reflecting the culturally embedded differences in entrepreneurial perceptions in different parts of Germany, are questionable as there is a lack of reliable statistics at the regional level.
Two more approaches are important for the present paper. First, Bergmann (2004) , using multivariate analysis methods data for 10 German regions, showed that regional start-up activities, when determined by demand and agglomeration, depend in a more direct way on attitudes and self-efficacy of novice entrepreneurs which mediate the objective state of the economy and infrastructure and other framework conditions of any region. Similar evidence was 5 found by Bosma and Schutjens (2011) who compared the data for 127 regions in 17 European GEM participating countries, linking institutional factors and economic and demographic attributes to variations in regional entrepreneurial attitude and activity. In particular, entrepreneurial attitudes (the fear of failure in starting a business, perceptions on start-up opportunities in the settlement of residence and self-assessment of personal capabilities to start a firm are among them) influence differences in TEA and related indicators. But what, in turn, are the factors determining the differences in motivation across regions, and in particular in such specific environments like transitional economies?
More recently, Kibler et al. (2014) paper showed the role of the differing levels of social legitimacy of entrepreneurship in different regions affecting the formation of new businesses.
The authors stress that a better attitude toward entrepreneurship 'can give those with entrepreneurial intentions the final impulse needed to turn their intentions into actual start-up behaviour'. Moreover, Bosma and Sternberg (2014) argue that urban environments are more prospective for opportunity-driven, or opportunity-based entrepreneurship.
There are few papers on regional differences in entrepreneurial activity in transitional and developing countries. Naude et al. (2008) , however, used data from South Africa to empirically identify the determinants of start-up rates across different regions, concluding that the most important determinants of start-up rates across South Africa's districts are profit rates, educational levels, agglomeration (measured by the economic size of a district), and access to formal bank finance. The second important finding is the insignificance of unemployment as a 'push' motive to start-up. The authors also have found that access to formal bank finance matters for regional start-up rates, which is not typical for a developing country and that market-size (agglomerations) is negatively associated with start-up rates in South Africa which may imply that there are some other factors in bigger settlements such as higher competition and/or economic barriers to entry (monopolistic behavior, etc.).
Unfortunately, the difference of the entrepreneurial motivation structure among regions and its reasons are less investigated. And with regard to transitional economies like Russia, the present paper is the first attempt to this theme.
The reasons of such a state are evident: a lack of reliable statistics on early entrepreneurial activity (which is usually informal/non-observed) at the regional level. Even such projects as the RLMS which is very similar to the British Household Panel Survey, or the German SocioEconomic Panel, do not provide enough data to make cross-regional comparisons. Therefore, we used the data of the pilot project conducted by means of the 'Georating' survey of the 'Public Opinion' Foundation (FOM) in 2011.
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This paper deals with the problem of spatial heterogeneity of entrepreneurial motivation in Russia and its factors i . It is structured as follows. In the beginning section, the approach and the methodology of the research are described. Here, first, the source of the data and the design of the survey are explained. Second, as the rather seldom used in the entrepreneurship research FLDA technique is applied, a comprehensive argumentation of the methodology is given. Then, the findings, i.e., the set of factors of cross-regional diversity of entrepreneurial motivation in Russia, are explained; finally, the evidence and political recommendations, as well as the limitations of the research are discussed.
Hypotheses, data and methodology
As the analysis of the available literature shows, the variation in the entrepreneurial motivation structure among regions and its reasons not widely investigated. And regarding transitional economies such as Russia, the present paper is the first attempt to discover them.
There are some constraints to such an investigation in Russia to be taken into consideration.
First, the impact of already existing SME on both national and regional economy should be very moderate, as it does not play any vital role in economic growth; according to the Russian Statistics Agency (Rosstat) data from April 2014, the SME sector is providing ca. 20 % of GDP and ca. 23 % of employment in Russia. Second, the fiscal system in Russia is structured 'from top to the bottom'; state tax incomes from entrepreneurship (income tax for solo owners and profit tax for firms) are not only very limited, but also the biggest part of them is filling the federal, not the regional and local budgets. Hence, even a relatively high density of already established SME is neither providing financial resources nor shaping incentives for regional or municipal authorities to promote entrepreneurial activity. Being co-funded by the Federal state, respective SME support programs are structured similarly in heterogeneous regions and locations (Chepurenko, 2011) . Therefore, the paper does not accept the role of the policy of regional authorities as a factor influencing the entrepreneurial activity or its motivation structure (Fritsch and Mueller, 2007; Caliendo and Kuenn, 2014) .
In the literature, especially after the GEM data became available for such kind of research, it is widely accepted that the quality of the entrepreneurial activity matters; the impact of opportunity-driven entrepreneurs on economic growth and wellbeing is higher than the impact of necessity-driven entrepreneurs Wennekers et al., 2005; Wong et al., 2005; 7 Hessels et al., 2008; Koellinger, 2008; Valliere and Peterson, 2009; Hessels et al., 2010; Chepurenko et al., 2011) . As in any location there are different types of entrepreneurs presented; some of them are pushed to become entrepreneurs, while some others by contrast are rather pulled by the opportunity. As a person's motivation is predicted by a set of various economic, social, institutional and societal specifities of the given region, the structure of the entrepreneurial activity by motivation is a unique picture reflecting the complex of different factors positively or negatively affecting entrepreneurial activity in these local environments.
Thus, the higher level of opportunity-driven entrepreneurship is an important signal of the possible perspectives of the respective region, and vice versa.
The share of opportunity-based early entrepreneurs (SOBE) for this analysis was defined as the number of nascent entrepreneurs and new business owners who according to their answers were driven by the search for new opportunities and towards the realization of their own values when starting-up and developing their businesses.
The following hypotheses have been determined related to regionally specific factors which act either as stimuli for opportunity-based motivation or as barriers.
As is shown in the previous literature, the motivation to become entrepreneurial is in many ways dependent on macro-level factors. To prove these hypotheses, the data of the pilot project conducted by means of the 'GeoRating' survey of the 'Public Opinion' Foundation (FOM) in 2011 were used.
Quality of data and survey methodology
To estimate the regional differentiation in entrepreneurial activity of Russia's population the main principles of the explanatory model and APS Methodology of the Global Entrepreneurship
Monitor (see Reynolds et al., 2005) are used; but the size of the sample needs to be large enough to represent both the overall population and the population structure of all 79 surveyed Russian regions to measure the entrepreneurial activity in the respective regions.
When mastering the sample, a 3-stage stratified household sampling procedure was used. At the first stage, the overall Russian population was clustered by geography, and administrative 9 districts were used as primary sampling units (PSU Method. Selection of a respondent in a household was made on the basis of a connected quota by sex and age and a separate quota for education.
Sampling error did not exceed 5.5% for regions with 500 respondents and 4.6% for regions with 800 respondents. The total statistical error for the overall Russian population did not exceed 1%.
The survey was conducted in May 2011.
Such an approach ensured the database harmonized with the GEM method of entrepreneurial activity observation.
The questionnaire consisted of only 18 questions, eight of them were related to sociodemographic characteristics (gender, age, education, professional occupation and status, wellbeing) and 10 referred to issues of entrepreneurial potential and the activity of the population in accordance with the GEM Methodology (Obraztsova and Popovskaya, 2012) . These questions enabled a differentiation in entrepreneurial cohorts, the type of entrepreneurial motivation, the sources of financing, and the respondent's opinion on entrepreneurial framework conditions in the area where he/she lives.
According to the GEM methodology, there are different entrepreneurial cohorts defined by the stage of their activity; namely, there are potential entrepreneurs still only expecting to start in nearest future; novice entrepreneurs, or baby business owners (BBO) whose entrepreneurial experience does not exceed 3 months; new business owners (NBO, from 3 until 42 months); and, lastly, established business owners managing ventures older than 42 months. Two cohorts, BBO and NBO, form a group called early entrepreneurs. The share of early entrepreneurs, or the total entrepreneurial activity index (TEA) which is the theme of the present paper.
The analysis of variation of the regional share of opportunity driven early entrepreneurship (SOBE)
To develop cross-regional comparisons of the SOBE level in Russia, a statistical analysis was made of regional distribution by this indicator observed in 2011 (on the base of descriptive statistics of variations -see Table A1 .1 in App.1).
All regions were divided in homogeneous groups by SOBE level. Among them, 3 regions in the Central Federal District of Russia are characterised with zero level of SOBE. Hence, they were excluded from the cluster analysis, and the number of homogeneous groups of the regions with non-zero level of SOBE was determined according to Sturgis's criteria, using k-means cluster analysis to identify various clusters on the base of SOBE in 2011 (see Table A1 .2 in App.1). The composition of the resulting groups was then optimized through an iterative process of determining that k value which would yield a step-like increase in the maximum among-group variation (sum of squares among groups -SSA) of the σ 2 SSA value, going from minimum to maximum values (on aggregate). The result was a stable 5-cluster structure (see histograms in The standard variation analysis was used to study those regions' SOBE distributions. The evaluation of the significance of these SOBE level differences' among groups of regions was estimated on the basis of Student's t-criteria for checking the first hypothesis formulated above.
Factors of the regional SOBE variation: variables and methodology
As the second step, a multi-dimensional analysis of factors influencing the motivation to start a business was mastered. Non-parametric scales, coefficients and methods were used as the regional distribution significantly by SOBE level differs from a normal distribution (t-criteria with p-value 0.005). The dependent variable was an ordinary label of a group of regions homogeneous by SOBE level. To explore which regional social and economic variables could 2) included several characteristics of the demography, labour market, wellbeing and poverty, economic and especially investment activity, the state of the physical infrastructure, the level of crime. For the reasons mentioned earlier, these indicators were taken both for the same year and with a lag of one or two years. We used either level or tempo (including with a one-year or two-year gap) of these indicators. The relationship between SOBE level and regional external factors was measured on the base of Spearman's Rho coefficient. Then, only indicators that had a statistically significant relationship with the regional SOBE level at a confidence level of 5% were been tested as independent variables in a model of factor analysis.
As the dependent variable was measured on an ordinary scale, Fisher's Linear Discriminant Model was applied to prove which special regional factors enhance the regions' group recognition.
It was necessary to compare several characteristics of Russian regions with high or low or zero SOBE level and to prove the correlation significance between regional peculiarities and the level of SOBE. An appropriate statistical technique to examine whether two or more mutually exclusive groups of territories can be distinguished from each other, based on linear combinations of values of independent predictor variables and to determine which variables contribute to the separation, is the linear discriminant analysis (LDA) (Fisher, 1936; McLachlan, 2004 ). The LDA model can be used on the basis of information about the reckoning of certain Russian regions to a respective group and about the annual dynamics of the economic and social indicators with a short term gap for each of them, but not the canonical LDA Model. Fisher's linear discriminant analysis (FLDA) was applied because, contrary to the canonical LDA, this method do not use hard assumptions concerning the statistical characteristics of the initial data; it does not necessary imply a normal distribution and quantitative scales for the variables. Besides, it prefers attributive measurement scales (Lim et al., 2000) . FLDA is used in this research to find a linear combination of regional features which characterize or separate for low, average and high SOBE level groups of Russian regions.
The list of 24 independent variables was built as a result of plotting pairs of independent variables to check whether the relationships among them are approximately linear. At the next stage of analysis the variables which maximize Mahalanobis' distance between the centroids of groups were selected for entry into the equation of the discriminant function.
Then, the FLDA model was the statistical instrument to find factors determining cross-regional differences observed in Russia in 2011.
Opportunity-based motivation of early entrepreneurs in Russian regions: findings
The analysis shows that there is a high dispersion of regions as regards the SOBE levels (see Figure 1) ; the range of the SOBE distribution is 75%. Moreover, there are statistically significant differences between regional levels of the indicator within the same space boundaries that may be described on the basis of federal districts (Student's t-criteria with a 1% confidence level). Cross-regional comparisons show that regional SOBE indicators demonstrate a significant level of variation (with a coefficient of variation near 90% and half-quartile range more than 30% -see Tables A1.1 and A1 .2 in App.1), while the average SOBE value was around 28% in Russia in 2011 according to both the GeoRating and the GEM data. Using the GeoRating data the distribution of Russian regions by SOBE level in 2011 was constructed and analysed (see Figure   2 ). The population of Russian regions is not homogeneous by SOBE level; the coefficient of variation is higher than 35%. According to the cluster analysis, Russian regions were divided by SOBE levels into five homogeneous groups (Figure 2) . The left tail of the distribution is longer; most of the regions are concentrated on the right of the figure (Lindberg's skew coefficient is -0.27). Moreover, the distribution demonstrates a significant peak and the absence of the right shoulder (Lindberg's excess coefficient is +0.123).
Fig. 2. Homogeneous groups of Russian regions' by the SOBE level (the ordinate indicates density of distribution)
The GEM average level of the SOBE is the most typical for Russian regions, and this cluster consists of 32 territorial entities. The clusters of regions with the SOBE levels at the GEM average and above dominate in the Russian Federation. Both the zero and low level clusters consist of only 3 regions, while the cluster with the SOBE level below average includes only 4 regions (Table A1 .2), but these regions form a significantly heavy shoulder of regional distribution taking down average level of the SOBE in Russia.
The index of qualitative variation (IQV) is a measure of the variability for categorical variables.
It is based on the ratio of the total number of differences in the distribution to the maximum number of possible differences within the same distribution and takes a value from 0 to 1; if all the cases belong to the same category there is no variability, and the IQV is equal zero. In contrast, when the cases are distributed uniformly across the categories, there is maximum variability and IQV is 1 (for more detail, see Frankfort-Nachmias and Leon-Guerrero, 2014, pp.
138-140). IQV for the groups of regions were calculated to evaluate the differences in the context of their space homogeneity. These IQV varied from minimum (for SOBE low-level group of regions) to maximum. The analysis showed that the clusters of regions that are homogeneous by the SOBE level significantly differ from each other, however, as a rule there is no space homogeneity within these clusters (Table 1) . The distances between the final regional cluster centres are statistically significant (t-criteria with p-value 0.005 for all inter-cluster distances except the low and below the average level clusters when p-value is 0.05). The decile dispersion ratio which measures the differentiation between the regional SOBE levels exceeds 3. The semi-quartile range of 0,568 is a good measure of spread to use for skewed distributions; it is hardly affected by the higher values of the SOBE. It means that the differentiation of Russian regions by the SOBE values is statistically significant.
The results of the detailed analysis, at first glance, suggest that there is no direct relationship between levels of overall economic and social development or economic and geographical location and regional SOBE level.
Factors determining cross-regional differences
To compare the impact of several factors of socio-economic development of Russian regions with different SOBE levels and to prove the significance of the correlation between them and SOBE, a statistical technique based on combinations of the values of the predictor variables was used to examine whether several groups of regions can be separated. Then, it was checked using the FLDA to see which variables contribute to such a separation.
The homogeneous groups of regions were constructed according to the SOBE to get a relevant clustering of the whole sample. The groups with low and below average level of the SOBE were integrated into one group to increase the significance of a distance between these clusters centres in order to improve the quality of classification in FLDA model (Figure 3) . To emphasize again, it was suggested that the SOBE levels are dependent not only (if not primarily) on the set of actual social and economic variables, but also from their dynamic over time.
Thus, on the basis of FLDA procedure a subset of variables was identified that do not meet the removal criterion and can be applied to separate the groups of regions. After all of the preliminaries, the independents were entered to compute the coefficients of the discriminant function and to calculate the discriminant scores which are combinations of the predictor variables (Table 2) .
It is to emphasize that the cyphers of the coefficients are arbitrary. Negative coefficients could just as well be positive if the signs of the positive coefficients were made negative. One might have to look at coefficients with the same sign to determine how the variables relate to the groups. All predictors in the table are divided into 2 groups -stimuli and barriers. The variables in Table 2 are sorted and numbered according to the decreasing of the first and second discriminant functions' coefficients and divided in two sets of factors. Among those influencing it positively with only a one-year-lag there are:
• The increase of the share of households with dwelling problems;
 the increase of the registered SMEs in the respective region;
 the increasing of the unemployment rate;
 the increasing average size of the bank deposits in foreign currency in Sberbank;
 the number of recorded crimes.
The only factor with a positive two-years-lag impact on the SOBE level in the region is the unemployment rate: the higher is the unemployment rate in a region, the higher will be the SOBE level in two years; the unemployment rate is a leading indicator of the SOBE.
Factors with a negative influence on the SOBE level in the region with a one-year-lag are:
 the positive dynamics of the investment in fixed capital;
 the growing ratio of the average income to the official subsistence level.
Factors which show a more prolonged but negative influence (two-years-lag) are:
 the living space per capita;
 the share of households with dwelling problems (negative impact, i.e. an increase of this share bring down a SOBE level in the given region).
Moreover, a single factor was found which influences the SOBE level in the same year and with a one-year-lag but in opposite ways, namely the average monthly nominal wages of employees.
Its growth in the same year is positively related with the SOBE level in the respective region, but negatively with a one-year-lag.
In the list of the stimuli (Table 2 ) 8 predictors are level variables, and 4 are tempo indicators.
There are also 2 tempo predictors decreasing the SOBE level (B1 and B2), namely, the increase of investments in fixed capital per capita and the average monthly nominal wages of employees with a one-year lag. This means that both the growing investment activities of bigger firms as well as the increasing salaries diminish the pull factors for adults in the respective region to start a venture in the coming year.
Furthermore, the share of households with internet access and the share of households with a PC are significant factors of the increasing of the SOBE level in a respective region. The successive growth of private investment in the regional economy as well as the increase of real salaries play the role of barriers for opportunity based entrepreneurship in the region.
At the final stage of the exploration of data, the independents were entered to calculate discriminant scores that are linear combinations of the predictor variables (see Table 3 ). Within five groups, there are four discriminant functions. The eigenvalues for each of the discriminant functions reflect how strongly the functions are related to the groups, as an eigenvalue is the ratio of the between-groups to the within-groups sum of squares for the discriminant function scores. The objective was to find a linear combination of values of the independent variables (see Table 2 ) which separates different groups of regions, homogeneous by the SOBE level in the best way. The functions go from best to worst, in terms of the ratios of the between-groups to within-groups sums of squares. Of 4
functions derived, not all should contribute to the separation of the groups. In Table 4 , Wilks'
Lambda and Chi-square show a high statistical significance of the first function and a sufficient significance of the second one. These functions were used to distinguish clusters of Russian regions as aggregate latent factors explaining the SOBE levels. The scores were evaluated using the non-standardized discriminant function coefficients in Table 2 . The scores can be understood as predicting factors specifying the entry of a certain region into a certain group. The number of cases which are correctly classified (compared to the original clusters) on the basis of the discriminant functions is 90.6%.
So the aggregate factors mentioned above are highly significant for the differences by the SOBE level which is an indicator of the structure of early entrepreneurs' motivation between the Russian regions. The structure matrix obtained as a result of FLDA procedure (see App. 3) may help in interpreting these factors.
Factor 1: In Russia, a worsening of the socio-economic situation (the criminal situation, depopulation and a contraction of the effective demand) in a region with a large amount of savings of population increases the SOBE level with a one-or two-year lag when the level of the Internet penetration is high and if the possibility to invest in real estate for households is low.
Factor 2: In Russia, a worsening of the socio-economic situation (the criminal situation, depopulation and a contraction of the effective demand) can first reduce and then increase the SOBE level with two-year lag in a region with a higher level of the SME sector density, if the possibility to invest in real estate for households (as an alternative for entrepreneurial activity) is low.
Conclusions, policy recommendations, and constraints of the research
The data analysis has shown that there are some significant predictors of the SOBE and of the differences in SOBE levels between Russian regions. Such an exploration of factors which influence cross-regional differentiation in the structure of entrepreneurial motivation was not been carried out in other large economies of the world.
We show that differences in the SOBE level between certain groups of Russian regions are statistically significant. Hence, H1 is confirmed. This evidence is important, as it may strengthen the argument that different groups of regions in Russia need different sets of political measures to improve or foster opportunity-driven entrepreneurial activity; for this reason, specific target groups should be selected and relevant measures of support should be formulated for each type of regions, starting with those with only necessity-driven entrepreneurship and up to regions with high prevalence of opportunity-driven entrepreneurship.
Moreover, a set of regional social and economic factors influence the SOBE level of the regions with a one-year or two-year lag, either positively or negatively; the SOBE level in a region may depend also on the tempo of the changes in regional social and economic indicators (see Table   5 ). Hence, the H2 and H3 are confirmed, too.
Knowing the set of these factors and their impact on the SOBE in the region is a good precondition for adjusting the forecast of the future state of entrepreneurial activity in the respective region. Among such factors, there are investments in fixed capital per capita and an increase of nominal wages. It came out that the SOBE level diminishes, if the investment in fixed capital per capita in the respective region is growing in the previous year. As the increase in the rate of investment in fixed assets may become significant when it is combined with the expansion of large businesses, persons with higher human and social capital may choose a better paid employment in such a big businesses than establishing of a new venture. Thus, H 4.1 is confirmed.
As regards the increase of nominal wages, the situation is more complicated. When the tempo of wage increases in a region is growing, the SOBE level in the same year is growing too, maybe because the employees recognize better chances to get their start-ups financed either from their own incomes or having more attractive conditions when accessing third parties financing. But the impact of the tempo of wage increases in a region on the SOBE level with a one-year lag is negative. Hence, when the tempo of wage increases in the previous year, people may become more skeptical regarding their own entrepreneurial activity, as they suppose that the 'economic engine' of the regional economy is working quite well and also because those who are more entrepreneurially motivated, already started in the previous year. Thus, the H 4.2 is confirmed for a short-term (one-year) lag.
These findings are quite unexpected. The simplistic view that any advantages in economic activity in the region foster chances for a growing opportunity-driven entrepreneurial activity should be at least proved using data of other transition economies and large economies as well.
H5 is confirmed; possessing over a PC and a stable internet access, indeed, is a factor increasing the SOBE levels in Russian regions. A direct and strong correlation between the development of the 'information society' and opportunity-driven entrepreneurial activity in a region is evident.
Hence, the policy makers on the regional level should be confident that indirect support of entrepreneurship such as growing IT-literacy, widening of broad-band internet access and diminishing the digital divide may enhance the chances for grass-roots opportunity-driven entrepreneurship even more significantly than simple providing small scale start-up funding.
It seems that in Russian regions with an initially large amount of financial savings and the highest internet penetration and high real estate prices, such as both capitals Moscow and St.
Petersburg, a worsening of the socio-economic situation, which has began since the 2014-2015, may improve the structure of entrepreneurial activity in favor of opportunity-based entrepreneurs, however, with a one-or two-year lag. But the regional governments should be advised to secure the predictability and transparency of entrepreneurship support to ensure opportunity-motivated adults to start-up in the region where they reside.
Furthermore, a worsening of the socio-economic situation (criminal situation, depopulation and shortening of the effective demand) can first reduce and then increase the SOBE level with a two-year lag in a region with a relatively high level of development of the SME sector density, if the possibility to investment in real estate for households is rather low. This, we assume, is the nearest future of a few of Russian regions with the number of SME higher than average, The number of unemployed people registered at public employment services, per one declared vacancy (at the end of the year, people) in 2011 52
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